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Grain Appearance Inspection (GAIl) serves as an
essential process to determine grain quality and facilitate
grain circulation and processing. However, GAIl Is
routinely performed manually by inspectors with
cumbersome procedures, which poses a significant
bottleneck in smart agriculture.
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In this paper, we endeavor to develop an automated
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And Healthy grains (HY), and Impurities (IM). Overview of our proposed AD-GAI
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Comparison with the SOTA
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Methods MVTec AD
Wheat(setl) Wheat(set2) Maize(setl) Maize(set2) ‘ Average
Deep-SVDD (ICML-18 [32]) 59.2 86.5 86.6 80.9 76.4 82.6
PADIM (ICPR-21 [4]) 95.8 73.1 67.5 67.2 59.4 66.8
Mem-AE (ICCV-19 [17]) 85.8 84.9 73.8 56.4 75.2
DRAEM (ICCV-21 [45]) 08.1 79.8 59.5 66.4 78.1 70.9
RevDist (CVPR-22 [5]) 98.4 90.1 89.2 86.5 81.9 86.9
CSI (NeurIPS-20 [37]) - 83.6 77.3 84.7 78.6 81.1
CutPaste (CVPR-21 [22]) 96.1 76.7 77.5 75.1 71.3 75.2
AD-GAI (single R50 model) 99.0 94.2 93.5 87.7 82.5 89.5
AD-GAI (ensemble R50&R101) 99.1 95.9 94.1 88.2 §2.8 90.2
Al4Graininsp vs. Human Experts
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